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Notes and Comments
Are Things Really Getting Better? How To Validate Latent
Variable Models of Human Rights
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Has respect for human rights improved? The validity of inferences made about human rights, treaty
compliance, and any other difﬁcult or impossible to observe concepts depends on specifying a theoretically
informed model that best approximates our understanding of the speciﬁc concept under study. New latent
variable models of human rights and treaty compliance (1) gather together diverse sources of information
about human right abuse, (2) assess the relative quality of that information as it relates to the underlying
theoretical concept and (3) quantify the uncertainty of estimates of human rights abuse that the models
generate.1 Evidence from these models suggests that respect for human rights is improving over time and
casts doubt on earlier claims that human rights treaties are associated with lower levels of respect for
human rights.2 In a recent critique of Fariss,3 Cingranelli and Filippov4 raise several issues regarding the
estimation of the latent variable model for human rights and the use of this variable in regression models of
human rights treaty compliance. Their primary critiques rest on their argument that the latent variable
estimates are not valid before the Cingranelli and Richards (CIRI) human rights data series begins in 1981
because the latent variable estimates are extrapolations ‘based on very sporadic and eclectic bits of
information’.5 In addition to downplaying the validity of these other human rights variables, Cingranelli
and Filippov6 present anomalous cases (for example, the United States in 1953) and replications of
regression models presented in Fariss,7 which exclude data from 1965–80. These authors also argue that
only model speciﬁcations that include a measure of democracy are valid, and that changes in the number of
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democratic states in the international system account for the observed patterns in the new latent human
rights estimates that incorporate the changing standard of accountability. I address the critique in
three parts.
First, latent variables allow for the exploration of deviant or unexpected cases (for example, the CIRI
human rights data categorizes Sweden in 2011 and Guatemala in 1983 as engaging in the same level of
torture). This type of case study is a productive research design strategy for identifying new theoretical
concepts that relate to other sources of bias in the human rights documentary sources. To enhance validity,
these theoretical concepts, like the changing standard of accountability, should be incorporated into future
versions of the latent human rights model.
Second, contrary to the interpretation presented in Cingranelli and Filippov,8 an analysis of the existing
latent human rights variables and a measure of democracy reveals important new evidence
in support of the relationship between the changing standard of accountability and human rights
documentation. Only the human rights estimates from the changing standard of accountability model show
a positive trend for democratic country-years.
Finally, new replication studies that use existing and new human rights data corroborate the ﬁndings of a
positive correlation between human rights compliance and treaty ratiﬁcation. The replications demonstrate
that a reduction in sample size by restricting the start year to 1981 as opposed to 1980 or any earlier or later
year is an arbitrary choice. The gradual change in the level of statistical signiﬁcance obtained from these
models is not surprising, because (1) the number of country-year units in the regression models decreases
as the start year for the sample of each model increases over time and (2) a greater number of countries
enter the sample having already ratiﬁed an increasing number of available human rights treaties.
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EXPLORATION OF DEVIANT CASES IMPROVES LATENT VARIABLE MODELS

45

There are several event-based variables in the latent human rights model that are indicative of information
about a speciﬁc type of repressive event. These variables, along with the standards-based human rights
variables, help to inform the estimation of the country-year latent variable estimates from 1949 and now
updated through 2013. For two of the ﬁve event-based variables, the United States was coded as repressive
for speciﬁc reasons: the United States engaged in political killings during the 1950s and 1960s in the
American South and it executed two Soviet spies in 1953. These are not trivial matters. These events do
not even pick up the investigations into communist activists by Senator Joseph McCarthy that were also
taking place in the early 1950s. Of course, monitors and the media may be more aware of these events
because of the high levels of press freedom in the United States relative to other countries. This is an
example of the challenges of modeling human rights respect that the latent variable model helps to address.
Cingranelli and Filippov9 claim that the latent human rights variable estimates are not valid before the
CIRI human rights data series begins in 1981. As evidence to support this argument and the choice to
reduce the sample size of their replications of the models presented in Fariss,10 Cingranelli and Filippov11
select speciﬁc country-year examples (for example, the United States in 1953) that have unexpected values
on the latent variable. Unfortunately, however, there is no model-free way to estimate unobservable
concepts such as human rights. Even the CIRI human rights data – models that assume equal weighting of
human rights indicators and no error – generate cases with unexpected values (for example, Sweden is
coded as a country that tortures across many years). Latent variable models, with their focus on the
theoretical relationship between data and model parameters, offer a principled way to bring together
information from different documentary sources and make sense of both the individual pieces of
information and the underlying theoretical concept. It is possible to use the information from these models
to identify and evaluate cases with unexpected values for the latent variable (deviant cases) and to
incorporate new theoretical concepts into new and updated versions of the latent variable model. A deviant
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case is an observation that is coded at a surprising value or outlier along some theoretical concept.12 The
identiﬁcation of such cases does not undercut the progress already made in enhancing the validity of recent
versions of the latent human rights variable, because each new model has been able to distinguish between
theoretically distinct cases that earlier variables were not able to identify.13
The United States earns its lowest value on the latent variable because it is coded 1 for two of the eventsbased variables described in Fariss.14 The United States is coded 1 by the WHPSI (World Handbook of
Political and Social Indicators) Political Executions variable because of the execution of Julius and Ethel
Rosenberg.15 It was also coded 1 by Rummell’s Genocide and Politicide variable because of politically
motivated killings that occurred within the United States.16 Why might the values for these variables
produce the anomalous estimate for the United States in 1953?
For the Rummel data, a much broader deﬁnition of government killing is used compared to other similar
measures included in the latent variable model,17 such that a country is coded 1 if there is evidence that its
government deliberately engaged in killing inside and outside its borders. Unlike the other measures of
mass killing and genocide used in the latent variable model, the cases represented in the Rummel data
might include widespread killing or killings targeted at political opponents or groups not speciﬁed in the
deﬁnition of geno-politicide used by Harff18 and massive repressive events used by Harff and Gurr.19 This
focus on gathering information about all government-sanctioned killing events could mean that there is
more bias inherent in the Rummel data compared to the other event-based variables if he excluded smallscale killings in systematically more repressive or less accessible political contexts.20
All of the producers of the events-based variables are aware of this possibility. This is why information
from multiple documentary sources is used to help code and corroborate the coding of the event counts of
each case. When new information about repressive actions becomes available from NGOs, news reports,
historians or truth commissions, these scholars update their data (the codebooks for each of these variables
discuss these issues at length). Also for the Rummel data, there may be additional bias for certain countryyears with respect to the latent estimate of human rights if the state in question only sanctioned killing
during involvement in external conﬂicts. Rummel considers the individuals killed in the Korean War and
the war in Vietnam in the counts he generates for the United States. However, he also considers deaths that
occurred within the United States. To mitigate the potential threat to the validity of the latent variable
estimates, binary event-based indicators were included in the latent variable model in place of the raw
event counts.
For the WHPSI Political Executions variable, there is the potential for bias with respect to the attention
and access of media source material in each country-year. For this reason, Taylor and Jodice used both
international and regional sources for every case.21 Nonetheless, they state in their codebook that
systematic under-reporting from particularly repressive countries could lead to biases in the raw event
counts.22 To mitigate the threat to validity from systematically different counts, the raw count data from
these reported events is collapsed into a binary variable before it is included in the latent variable model.
It is clear from this discussion that there are theoretical concepts – the changing standard of
accountability, the level of media coverage or ability to gain access to a country – which might confound
the relationship between the estimate of the latent human rights variable and the observed data. Each new
version of the latent variable model has the potential to address one or more of the issues revealed by
exploring deviant cases such as the United States in 1953. There are some biases that the latent variable
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model already begins to address such as the changing standard of accountability. For example, the CIRI
data categorizes Sweden in 2011 and Guatemala in 1983 as engaging in the same level of torture. The
latent variable model that accounts for the changing standard of accountability makes this temporal
comparison more plausible by correcting for differences in the standard of accountability over time. The
investigation of other sources of potential bias in the monitoring of human rights is an active area of
applied research.23
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VALIDATING PATTERNS OF HUMAN RIGHTS AND DEMOCRACY
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Another type of validity assessment involves comparing one estimated variable to another variable to
which it should theoretically relate.24 Cingranelli and Filippov25 graph the latent human rights variables
and the Polity2 democracy variable. The trends of the two latent human rights variables (constant standard
and changing standard versions) for both democratic and non-democratic country-years are quite different,
which Cingranelli and Filippov do not consider.26
That the number and proportion of democratic states is increasing in the international system over time
is not contested (see the ﬁgures in the Appendix). In contrast to this general increase over time, the level of
human rights remains ﬂat or decreases for both democracies and non-democracies according to the CIRI
physical integrity index, the Political Terror Scale and the latent human rights variable that assumes a
constant standard of accountability (see the ﬁgures in the Appendix). For the latent variable model that
assumes a constant standard of accountability, human rights have been decreasing since the early 1980s for
democratic country-years and the 1950s for non-democratic country-years. However, the latent variable
that accounts for the changing standard of accountability shows an increasing trend in the level of respect
for human rights after a low point in the early 1990s for the democratic country-years and the mid-1970s
for non-democratic country-years.
Across all human rights variables, there are clear differences in the level of respect for human rights
between democracies and non-democracies. However, without the assumption of the changing standard of
accountability, one must believe that the level of human rights has steadily decreased since a high point in
the early 1980s. Are democracies really becoming worse and worse abusers of human rights? Probably not.
What is much more likely is that the standard of accountability is improving as monitoring agencies look
harder for abuse, look in more places for abuse, and classify more acts as abuse.
The latent variable model estimates that incorporate the concept of the changing standard of
accountability are more related to democracy than the latent variable estimates that do not incorporate
this concept.27 However, the strength of these relationships raises an important theoretical issue
that complicates regression-based analysis with these variables, which Cingranelli and Filippov28 do not
consider. Hill29 and Hill and Jones30 analyzed the conceptual and operational overlap between measures of
human rights and democracy. These authors demonstrate that researchers need to exercise caution when
evaluating the empirical relationship between these two variables. Though a measure of democracy is
included in the regression models presented in Fariss,31 this is not the case for every model speciﬁcation
because of the potential bias caused by the operational overlap between the Human Rights dependent
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variable and the Democracy independent variable. As discussed in Fariss,32 though the individual model
coefﬁcients vary, the differences between these coefﬁcients are consistent across model speciﬁcations.
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THE ASSOCIATION BETWEEN TREATY RATIFICATION AND COMPLIANCE
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Human Rights and Treaty Ratiﬁcation Replication Analysis
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Cingranelli and Filippov33 replicated the regression models presented in Fariss34 after ﬁrst removing data
from 1965–80. Generally, when the number of units in a statistical test is reduced, the standard errors for
the estimates increase because the standard errors are a function of the sample size n. The truncation of the
sample to 1981 excludes country-years that had already had the opportunity to ratify available human
rights treaties, which complicates the analysis of pooled cross-sectional time-series data.35 To justify their
truncation decision, Cingranelli and Filippov36 suggest the latent variable estimates are not valid before the
CIRI human rights data series begins in 1981. As already discussed, this is an unfounded criticism of the
latent variable model and the other human rights variables that enter the model prior to 1981, which
includes the Political Terror Scale available starting in 1976,37 a measure of genocide starting in 1956,38
a measure of massive repressive events beginning in 1945,39 a measure of democide/politicide beginning
in 194940 and a measure of political executions beginning in 1948.41 These are not just ‘eclectic bits’ of
data but well documented and reliable indicators of repression, which are available for many of the
country-year units that enter the model (see the Appendix for the temporal availability of these data).
Reducing the sample size in 1981 as opposed to 1980 or earlier is an arbitrary decision, which becomes
obvious when considering the average level of uncertainty for the country-year latent variable estimates
each year.
The level of information that each observed variable brings to the estimates of the latent variable is
based on the relative information content of one variable compared to all the others. A useful feature of the
model, then, is that missing data does not lead to a loss of country-year observations, but only increases the
uncertainty of the estimate of a given country-year, conditional on the number of indicators available for
that unit and the relative information content of all the other available indicators. Boxplots in the Appendix
display the distribution of latent variable standard errors for each country-year unit each year. The
estimates of uncertainty – the standard deviations of the latent variable estimates – are in part a function of
the number of human rights variables available for a given country-year unit, which is incorporated into the
regression models presented in Fariss.42
In the Appendix, ﬁgures for every model speciﬁcation and every sample of country-year units with a
different start year (1949–2010) show the coefﬁcient estimates for the two competing regression models
(upper and middle panels) and the differences between the coefﬁcients from these models (lower panel).
The ﬁgures represent sixty-two samples (the start year for each sample increases from 1949 through 2010),
for two competing dependent variables, for eight different regression model speciﬁcations, for ten different
treaty variables, or 62 × 2 × 8 × 10 = 9,920 regression models. When estimating these models, the standard
errors increase slightly as units from earlier years are removed from the sample each year. As the start year
for these samples enters the early to mid-1970s to mid-1980s, the difference between the coefﬁcients
32
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begins to become statistically indistinguishable from 0. However, the regression coefﬁcients from the two
competing models also become statistically indistinguishable from 0. The eventual lack of statistical
signiﬁcance is not surprising because the number of units is decreasing and, as the start year for the sample
increases, more countries enter the sample having already ratiﬁed an increasing number of treaties.
Conditional on the number of country-year units in the model, there is either (1) a signiﬁcant, positive
relationship between treaty ratiﬁcation and human rights compliance or (2) not enough data to prove either
a positive or negative relationship. The results reported in Fariss et al. and Hill and Jones43 directly
contradict the negative correlations reported in earlier studies44 and cast considerable doubt on studies that
begin with this negative correlation as a puzzle that needs to be explained.45
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New Human Rights Data and Treaty Ratiﬁcation Replication Analysis
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The best strategy for assessing the validity of an inference is to replicate the test using new data.
New, expert-coded human rights indicators were recently published as part of the Varieties of Democracy
(V-DEM) Project.46 This project uses multiple coders per country-year unit (at least ﬁve coders per unit,
but often many more) to generate latent scores based on categorical questions answered by each coder
for each country-year item. The model accounts for disagreement between coders, and generates
measurements of uncertainty conditional on the number of (and agreement between) coders as well as
coder reliability over time. The V-DEM team has coded several human rights variables, two of which
are physical integrity variables: (1) freedom from political killing and (2) freedom from torture
(see the Appendix).
Unlike the standards-based human rights data, the V-DEM project controls the standards used to assess
each of their variables (that is, the questions wording and format, which is displayed in the Appendix).
Moreover, because the coders have completed the questions over the relatively short time span of the past
four years, it is unlikely that the V-DEM human rights scores are temporally biased in the same way as the
standards-based human rights data. That is, unlike the human rights reports, the V-DEM data are based on
question responses that are produced consistently with respect to time. Like the event-based data, however,
the V-DEM expert coders rely on their knowledge of evidence from the historical record. As the deviant
case of the United States in 1953 illustrates, the historical record provides different levels of information
for certain cases. These differences may lead to biased responses from some of the coders if they do not
have access to relevant information about the speciﬁc country-year case. Though the V-DEM measurement
model attempts to address the disagreement between coders, bias might still persist if the expert coders are
using the same historical source material. The exploration of these potential biases and how they relate to
the biases from the standards-based and events-based data are important areas of research that will inform
new versions of the latent human rights model.
Figures in the Appendix plot the yearly average for the two V-DEM human rights variables from
1949–2013. These visualizations show very similar upward trends in respect for human rights after the end
of Cold War, which is consistent with the pattern of the latent variable that accounts for the changing
standard of accountability. Also in the Appendix, replications ﬁgures present coefﬁcients for sixty-two
samples (the start year for each sample increases from 1949 through 2010), two new V-DEM human rights
dependent variables, eight different regression model speciﬁcations and four different treaty variables, or
62 × 2 × 8 × 4 = 3,968 regression models. The results from the V-DEM replication models corroborate the
positive correlation found between human rights compliance and treaty ratiﬁcation reported in Fariss and
replicated above.47
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CONCLUSION
48

While Cingranelli and Filippov argue that respect for human rights is declining and unaffected by treaty
ratiﬁcation, this claim is not supported by the available empirical evidence. Since the end of World War II,
state ofﬁcials have been signing and ratifying an increasing number of UN human rights treaties. Over the
same period of time, monitoring organizations have been looking harder for abuse because of more and
better information, looking in more places for abuse with the aid of an increasingly dense network of
international and domestic civil society organizations, and classifying more acts as abuse because of an
increasing sensitivity to (and awareness of) the various kinds of ill treatment and abuse that had not
previously warranted attention. As Sikkink notes, these organizations ‘have expanded their focus over time
from a narrow concentration on direct government responsibility for the death, disappearance, and
imprisonment of political opponents to a wider range of rights, including the right of people to be free from
police brutality and the excessive use of lethal force’.49 These are the reasons why the standard of
accountability used to produce human rights documents is becoming increasingly stringent over time, and
why previous studies have discovered negative patterns instead of positive ones.
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